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Abstract
Different applications may exhibit radically different behaviors and thus have very different requirements in terms
of hardware support. In Simultaneous Multithreading
(SMT) architectures, the hardware is shared among multiple running applications in order to better proﬁt from it.
However, current architectures are designed for the common case, and try to satisfy a number of different application classes with a single design. That is, current designs are usually overdesigned for most cases, obtaining
high performance, but wasting a lot of resources to do so.
In this paper we present an alternative SMT architecture,
the Heterogeneously Distributed SMT (hdSMT). Our architecture is based in a novel combination of SMT and clustering techniques in a heterogeneity-aware fashion. The
hardware is designed to match the heterogeneous application behavior with the statically and heterogeneously partitioned resources. Such a design is aimed for minimizing the
amount of resources wasted to achieve a given performance
rate. On top of our statically partitioned architecture, we
propose an heuristic policy to map threads to clusters so
that each cluster matches the characteristics of the running
threads and overall hardware usage is optimized.
We compare our hdSMT architecture with a monolithic
SMT processor, where all threads compete for the same resources, and with a homogeneous clustered SMT, where resources are statically and equally partitioned across clusters. Our results show that hdSMT architectures obtain an
average improvement of 13% and 14% in optimizing performance per area over monolithic SMT and homogeneously
clustered SMT respectively.
Keywords - SMT, CMP, Clustering, Complexity-Effective,
Heterogeneity-Awareness, Mapping Policies.

1 Introduction
The needs of today’s multi-programmed workloads put
pressure on microprocessor design towards high-perfor-
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mance and high-throughput machines. Thus, new approaches have arisen aimed at such a multithreaded scenario, improving traditional superscalar processor capabilities. Simultaneous multithreading (SMT) [20, 18, 19] and
chip multiprocessors (CMP) [11, 6] are two of these approaches. The ﬁrst one evolves the traditional superscalar
architecture by sharing all the processor resources among
more than one running thread. The latter relies on simpler
cores, replicating them on a single chip and allocating running threads to these cores. Each one represents a different
approach to optimize the performance that a ﬁxed transistor
budget can produce: A big machine where every resource is
shared versus several simpler machines where the sharing
locality is restricted. But they also imply a commitment:
the single thread high-performance of SMT, at a complexity
cost, against the low complexity but limited single-threaded
performance of CMP. However, there is also a wide spectrum in between SMT and CMP approaches as we vary the
amount of shared resources on chip [4].
As the number of transistors on chip increases, the issue
of how to employ them to achieve the highest performance
potential gets renewed importance. The design complexity has to remain under reasonable costs while it achieves
the highest performance potential. But achieving high levels of both performance and throughput from a given hardware budget at a reasonable complexity cost is not an easy
task. Employing the additional resources to simply stretch
traditional structures, such as instruction queues, is not conducive towards building highly pipelined processors with
short clock periods. Besides, power and thermal considerations also have to be taken into account since future microprocessors’ designs are likely to be limited by them. In this
sense, the reduced complexity of the CMP approach combined with the resource exploitation capacity of the SMT
approach seems an appealing alternative.
General-purpose designs treat applications homogeneously, although not all applications have the same behavior. In fact, we can ﬁnd a huge inter-application heterogeneity in current multi-programmed workloads, which
can be measured in terms of memory misses, branch mis-
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predictions or instruction level parallelism (ILP) among
others. This heterogeneity results sometimes in applications executed using an amount of resources and power that
is not cost-effective with the performance obtained. The
techniques applied in SMT processors to reduce the contention over shared resources between conﬂictive applications [17, 5] can help to face up this heterogeneity in application behavior. However, instead of helping to reduce the
design complexity they even increase it. In the CMP approach, each running application is assigned to one of the
homogeneous cores in which the hardware has been partitioned. The design complexity is kept low at the cost
of a static limitation to the hardware that each application
can use, equal for all applications. By making the hardware conscious of this inter-application heterogeneity, or
heterogeneity-aware, we could keep design complexity reasonably low without losing too much performance. The
central insight behind a heterogeneity-aware design is giving each application access to a cost-effective amount of
resources.
In this paper, we propose the Heterogeneously Distributed
Simultaneous Multithreading (hdSMT) architecture, a novel
heterogeneity-aware SMT architecture that combines SMT
and clustering techniques. We review the open issue of
on chip resource distribution and propose a simultaneous
multithreading processor in which all the pipeline stages
but the fetch stage have been heterogeneously clustered —
pipelined from now on—, making up a multipipeline SMT
processor. Besides the fetch engine, all the pipelines share
the memory subsystem —including L1 caches— and the
register ﬁle. Consequently, the single-thread performance
is not hampered by a memory or register ﬁle static distribution as could happen in a CMP processor. In this
architecture the heterogeneity of the typical software that
will be executed on the processor is analyzed and mirrored itself in the hardware. Thus, the heterogeneous behavior of the running applications is matched with the heterogeneous hardware, mapping software needs to heterogeneously partitioned hardware resources. This hardware
conﬁguration also allows reducing the contention between
conﬂictive threads as occurs in SMT processors. Thus, the
application-to-pipeline matching process also intends to put
conﬂictive threads in different pipelines, in order to reduce
a counterproductive interaction.

2 The hdSMT Architecture
The foundations of the hdSMT architecture are comprised
of a threefold combination of well known principles and
techniques: SMT, clustering, and heterogeneity-awareness.
An hdSMT processor proposes a multithreaded alternative
that lays on the spectrum that extends in between SMT
and CMP processors. As evaluated in [4], there are mul-
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Fig. 1. The hdSMT Architecture.
tiple possible hardware conﬁgurations in between SMT and
CMP processors, as we vary the amount of resources shared
among the execution cores. However, the heterogeneity in
applications’ behavior makes vary the hardware requirements among different applications. This heterogeneity
may turn the evenly clustered approaches in [4] into not optimal. To better proﬁt from the available hardware it should
be heterogeneously clustered and the applications appropriately matched with the clusters according to their needs.
The hdSMT architecture maximizes the available hardware
budget by taking into account the heterogeneity in this way.
The hdSMT architecture overview is depicted in Fig. 1.
As in a conventional SMT processor, all threads share the
caches, register ﬁle, and fetch engine. However, the rest
of the pipeline stages and resources are arranged in heterogeneous clusters (or pipelines). So, each pipeline comprises all the pipeline stages of the conventional processor
but the fetch stage. Each pipeline also has got its own private instruction queues, renaming map tables and functional
units. The size and number of these resources may vary
from pipeline to pipeline. Additionally, each thread’s instructions are stored in a private reorder buffer (ROB), one
per thread.
In this clustered multithreaded architecture, entire threads
are assigned to pipelines according to heterogeneity. This
implies that there are no dependencies between instructions
in different clusters, since all instructions from a single
thread are mapped to the same pipeline. The heterogeneityaware fetch engine strives to match both the needs of each
running application and the interaction among each application with the heterogeneously distributed hardware. This
software-hardware mapping is performed each time the job
scheduler of the operating system selects a new bunch of active threads. The whole subsequent execution of the workload is done according to this mapping. We describe more
in detail the mapping policy in Section 2.1.
The number of hardware contexts and width of each
pipeline may vary from pipeline to pipeline. So, an hdSMT
microarchitecture may be comprised of both narrow singlethreaded and wide multithreaded pipelines, as well interme-
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diate pipelines. Depending on the resource needs of each
application and the interaction between application behavior, more than one application may be mapped to a single
pipeline. This distribution of the hardware contexts along
the chip can be proﬁted to turn off idle pipelines whenever
the number of running applications does not reach the number of hardware contexts. This is also applied in the Heterogenous Multi-Core architecture [7], turning off idle heterogeneous cores. The main difference of our proposal in
this sense is that we can still use the whole budget of physical registers and memory space to improve the performance
of the running applications, since they are shared by all pipelines.
Notice that multipipeline-awareness in hdSMT uncovers
new fetch policies not available in conventional SMT processors. The shared fetch engine is limited by the number and width of the instruction cache ports. However, the
number of instructions that each pipeline accept per cycle
may vary from pipeline to pipeline. In order to decouple
the fetch engine from the characteristics of each speciﬁc
pipeline it feeds, some small buffers are added before each
pipeline (see Fig. 1). Thus, the fetch engine inserts in-order
the fetched instructions at its own rate while each pipeline
extracts in-order instructions according to its width. The
fetch policy takes into account these buffers in order to appropriately balance the instructions fetched among the pipelines. Depending on the pipeline set characteristics, this
may result in a wider global decode bandwidth since all pipelines are fed from their private buffer each cycle.

2. Arrange all pipelines by their width in a list (P). The
ﬁrst pipeline in P is the widest one.
3. Map the ﬁrst thread in T to the ﬁrst pipeline in P.
4. If this is the ﬁrst assignment, and there are more available hardware contexts than active threads then remove
the top of the list P.
5. Remove the top of the list T.
6. If all the hardware contexts of the pipeline in the top
of the list P are busy then remove the top of the list P.
7. If list T is not empty continue in step 3.
Regarding interaction among applications, it is assumed
that applications with a similar number of data cache misses
behave similarly and therefore can share a single pipeline.
Thus, the negative scenario in which applications with a bad
memory behavior hinder applications with a good memory
behavior is avoided. In this sense, our mapping policy assumes that adjacent applications in the list T behave similarly and consequently could share a single pipeline.
In order to match each application with the appropriate
pipeline, our mapping policy makes this simple assumption: the number of data cache misses of an application is
inversely proportional to the pipeline width required. The
more data cache misses occurred during an application execution, the more resources will be held by that application while each miss is resolved. By doing so, we expect to
match each application with the most appropriate pipeline,
that is the one in which it is obtained the highest performance but involving the lowest resource budget.

2.1 Mapping policies in hdSMT

3 Area Cost Model
The impact of static partitions of the hardware may be
either productive or counterproductive depending on the resource partitioned. Thus, as showed in [12], while statically
partitioning instruction queues provides good performance,
an static division of the issue bandwidth has a negative impact on throughput.
In order to avoid this penalty, the hardware in the hdSMT
architecture is heterogeneously distributed and a thread-topipeline mapping policy is applied. The success in avoiding
this negative effect will depend on the ability of the mapping
policy to map high-performing threads to wide pipelines, to
proﬁt from their wide issue bandwidth.
In this work we have used a simple proﬁle-based heuristic
policy that uses the memory behavior of each thread to do
the mapping. By means of proﬁle information, the active
threads are arranged by the number of data cache misses
and assigned to the pipelines. The full mapping process is
as follows:
1. Arrange all active threads by the number of data cache
misses in a list (T). The ﬁrst thread in T is the one with
the lesser number of misses.

In this work we evaluate different microarchitectures,
which involve different hardware budgets. Since comparing the results produced by microarchitectures with different amount of resources may be quite unfair, we need some
complexity measurement to guide this evaluation. Quantifying complexity is a tricky task and giving a single and
comparable measurement is even harder to accomplish. In
this paper we follow a quite generalized approach and use
the area (in mm2 ) of the processor as a metric of its “complexity”. Although complexity is not proportional to area
in all cases, it gives a quite accurate idea of the resultant
complexity and is reasonably easy to be measured.
To estimate the area of each conﬁguration we employ the
Karlsruhe Simultaneous Multithreaded Simulator [14, 15,
16]. On top of this area estimation tool we develop our area
cost model. Since both hdSMT and SMT approaches share
the same register ﬁle and caches, we have removed them
from the model to simplify the results. However, since in
hdSMT these resources are shared among all pipelines, the
additional logic cost is taken into account. It is added to the
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execution core of each pipeline, as additional hardware for
data access. The hdSMT fetch engine also needs some additional logic. Although its characteristics are similar to the
SMT one, multipipeline support requires some extra logic.
Taking into consideration Burns and Gaudiot work in quantifying SMT layout overhead [1, 2], we have extrapolated
single to multipipeline environment area overhead from single to multithreading environment. So we have estimated
the area overhead of the execution core within each pipeline
in a 10%. The conventional SMT fetch engine area overhead, when applied to a hdSMT multipipeline environment,
has been estimated in a 20%.
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In hdSMT and homogeneously clustered SMT conﬁgurations, comprised of combinations of M6, M4, and M2 models, only one instruction fetch stage is included in the total
area calculus. In Fig. 2.(a) the amount of resources devoted
to each pipeline model is shown. Additionally, we have
assumed a per-thread 256-entry ROB in all conﬁgurations,
both SMT and hdSMT. In Fig. 2.(b) we show the area estimation of each model according to our area cost model. All
estimations have been made in 0.18 µm, as in [1], to ease
our area overhead extrapolations. Notice that in Fig. 2.(b)
M6, M4, and M2 pipelines are accompanied by an instruction fetch stage a 20% bigger than the baseline (M8) one.
Each of them represent in fact an hdSMT processor with a
single pipeline, the one measured in each case.
Finally, as shown in Fig. 2.(a), our SMT baseline (M8)
is not able to execute more than four threads. Although
adding additional hardware contexts increases the total area
of an SMT processor, as Burns and Gaudiot evaluate in [1],
we assume no additional area overhead for this model when
adding two additional hardware contexts; in order to execute workloads of six threads on it.
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Fig. 2. Pipeline models.

4 Simulation Setup
We use a trace driven SMT simulator derived from SMTSIM [18]. The simulator consists of our own trace driven
front-end and an improved version of SMT-SIM’s back-end,
that provides multipipeline support among others. Both the
monolithic SMT and the multipipeline conﬁgurations have
an 8 stage pipeline depth. Our simulator also permits execution along wrong paths by having a separate basic block
dictionary in which information of all static instructions is
contained.
As mentioned earlier in Section 3, we use four different
models of pipelines: M8, M6, M4, and M2. Our monolithic
SMT baseline processor is represented by model M8. Additionally to model characteristics shown in Fig. 2.(a), the
baseline conﬁguration, used in both monolithic and multipipeline conﬁgurations, is shown in Table 1. Besides, since
hdSMT requires additional logic to handle multipipeline
register ﬁle sharing we duplicate the number of cycles required by register reads/writes in hdSMT conﬁgurations.
Thus, register reads/writes have a latency of 1 cycle in case
of a monolithic SMT processor as against the 2 cycle latency of the hdSMT processors.
In our experiments, we adopt the FLUSH [17] fetch policy for the baseline (M8) case. This fetch policy, built on top
of ICOUNT 2.8 [19], predicts an L2 miss every time a load
spends more cycles in the cache hierarchy than needed to
access the L2 cache. In case of L2 miss, the instructions after the L2 missing load are ﬂushed, and the offending thread
is stalled until the load is resolved. Thus, the resources used
by the offending thread are freed and it does not compete
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Branch Predictor
BTB
RAS*
ROB Size*
Rename Registers
L1 I-Cache
L1 D-Cache
L1 lat./misspenalty
L2 Cache
L2 latency
Main Memory Latency
I-TLB/D-TLB/TLB missp.

perceptron (4K local, 256 perceps)
256 entries, 4-way associative
256 entries
256 entries
256 regs.
64KB, 2-way, 8 banks
64KB, 2-way, 8 banks
3/22 cyc.
512KB, 2-way, 8 banks
12 cyc.
250 cyc.
48 ent. / 128 ent. / 300 cyc.

Wld
2W1
2W2
2W3
2W4
2W5
2W6
2W7
2W8
2W9

T
I
I
I
M
M
M
X
X
X

Wld
4W1
4W2
4W3
4W4
4W5
4W6
4W7
4W8
4W9

Benchmarks
eon, gcc, gzip, bzip2
crafty, bzip2, eon, gzip
gap, vortex, parser, crafty
mcf, twolf, vpr, perlbmk
vpr, perlbmk, mcf, twolf
gzip, twolf, bzip2, mcf
crafty, perlbmk, mcf, bzip2
parser, vpr, vortex, twolf
vpr, twolf, gap, vortex

T
I
I
I
M
M
X
X
X
X

Table 2. Two and four threaded workloads
(I=ILP, M=MEM, X=MIX)

Table 1. Simulation parameters (resources
marked with * are replicated per thread)
for new resources until the load is resolved. This allows the
other threads to proceed while the stalled thread is waiting
for the outstanding cache miss.
In all other cases, we adopt the L1MCOUNT fetch policy,
a variant of the DCache Warn fetch policy [3]. This fetch
policy keeps track of the number of inﬂight loads. Threads
are arranged by the number of inﬂight loads they have and
given fetch priority accordingly. Threads with fewer number of inﬂight loads have priority. In case of equal number
of inﬂight loads, threads allocated to wider pipelines have
priority over those in narrower pipelines. Finally, in case
of pipeline coincidence, the ICOUNT 2.8 policy is applied.
Regardless of the fetch policy, all simulations are limited
to 8 instructions fetchable per cycle, from a maximum of 2
threads. In order to decouple the shared fetch engine from
each pipeline characteristics, we have put a buffer between
the fetch engine and each pipeline (see Fig. 1). The size of
these buffers is 32 entries, for M6 and M4 pipeline models,
and 16 entries, for M2 pipeline model.
We use the SPEC2000 integer benchmark suite. From
them, we have collected traces of the most representative
300 million instruction segment of each benchmark, following the idea presented in [13]. Each program is compiled with the –O2 –non shared options using DEC Alpha
AXP-21264 C/C++ compiler and executed using the reference input set. Tables 2 and 3 show the workloads used
in our simulations. We have used workloads including 2,
4, and 6 threads. Workloads are classiﬁed according to
the characteristics of the included benchmarks: with high
instruction-level parallelism (ILP), with bad memory behavior (MEM), or a mix of both (MIX). Due to the characteristics of SPECint2000, with few benchmarks that are
really memory bounded, MEM workloads are only feasible
for 2 and 4 threads.
In each experiment, we strictly focus on the period of time
in which all the initial threads share the processor. The objective in each case is evaluating the behavior of each microarchitecture with workloads of two, four and six threads.
This means that each simulation ﬁnishes as soon as one
thread contained in the evaluated workload ﬁnishes executing 300 million instructions.

Benchmarks
eon, gcc
crafty, bzip2
gap, vortex
mcf, twolf
vpr, perlbmk
vpr, twolf
gzip, twolf
crafty, perlbmk
parser, vpr

Wld
6W1
6W2
6W3
6W4

Benchmarks
gzip, gcc, crafty, eon, gap, bzip2
gcc, crafty, parser, eon, gap, vortex
gzip, vpr, mcf, eon, perlbmk, bzip2
vpr, mcf, crafty, perlbmk, vortex, twolf

T
I
I
X
X

Table 3. Six threaded workloads.

4.1 Microarchitectures and Metrics
In our experiments, we evaluate several multipipeline microarchitectures, both homogeneously and heterogeneously
distributed. All these multipipeline microarchitectures are
implementations of the hdSMT architecture1. In Fig. 3 we
show the area estimation of all microarchitectures evaluated. Beneath each area estimation appears the microarchitecture name, which stands for the number and type of
pipeline models involved. So, the 2M4+2M2 microarchitecture is comprised of 2 pipelines of type M4 plus two pipelines of type M2 (see Fig. 2 for speciﬁc details of each
pipeline type). From left to right, the ﬁrst microarchitecture (M8) in Fig. 3 represents our monolithic SMT baseline.
The next two microarchitectures (3M4 and 4M4) are homogeneous clustered hdSMT microarchitectures. Finally,
the last three microarchitectures represents the truly hdSMT
microarchitectures. According to Fig. 3, all but two microarchitectures (4M4 and 1M6+2M4+2M2) require less
area than the monolithic SMT baseline. That is, they are
“simpler” than the SMT baseline.
For each microarchitecture we evaluate its performance
(IPC) for all workloads. However, since each microarchitecture has a different resource budget and consequently
a different performance potential, we also take into account the complexity involved. In order to make a fairer
comparison we combine the performance and the complexity of each microarchitecture in a single metric. Thus,
in this paper we also provide results measured in Performance per Area, which is obtained by dividing the resulting
performance of a microarchitecture by its area (in mm2 ).
This additional metric allows to evaluate the “complexityeffectiveness” of each microarchitecture.
1 Although the homogeneous ones do not obey the hdSMT principle of
heterogeneous distribution of resources.
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Fig. 3. Area estimation of evaluated microarchitectures.

5 Simulation Results
In this section, we evaluate and compare monolithic SMT,
homogeneously distributed hdSMT, and heterogeneous distributed hdSMT processors. For each workload, three measurements are given. First, the BEST result, obtained using an oracle thread mapping policy, gives the maximum
performance of the microarchitecture. Second, the HEUR
result gives the performance obtained by the microarchitecture using the heuristic thread mapping policy presented in
Section 2.1. Finally, the WORST result gives the performance obtained by the microarchitecture in case of applying in each case the worst possible thread-to-pipeline mapping. Special cases are the baseline (M8) and the twothreaded workloads of homogeneous distributions (3M4
and 4M4). Since the baseline is not multipipelined, no
thread-to-pipeline mapping policy is needed and so only
one measurement is given. In two-threaded workloads,
when all pipelines are of the same sort the three measurements (BEST, HEUR, WORST) coincide.
Fig. 4 shows the raw performance results (measured in
IPC) for all microarchitectures evaluated. In each case,
the harmonic mean of all workloads of a same type and
size is shown. These results point out that, although some
hdSMT results are quite similar to SMT baseline ones, the
hdSMT results are exceeded by the SMT baseline ones
in some cases. Comparing the baseline (M8) and bestperforming hdSMT (1M6+2M4+2M2) means, we got baseline speedups over hdSMT of 5%, 4% and 15% in ILP,
MEM, and MIX workloads respectively. In the ﬁrst two
cases, the mean performance of hdSMT is not quite bad
considering that the hdSMT microarchitecture is able to execute up to 8 threads while the resource budget of the baseline (M8) in fact is not able to execute more than 4 threads
(as mentioned in Section 3). Nevertheless, the ability to
ﬂush and re-execute instructions of the baseline is crucial in
the MIX scenario. Although this is the general trend, notice
that hdSMT is able to outperform the SMT baseline in the
six-threaded ILP workload scenario (see Fig. 4.(a)).

The previous results strictly take into consideration the
performance that each microarchitecture obtains executing
the given workloads. However, each microarchitecture involves a different amount of resources; and a different
power consumption among others. To make a fairer comparison we show in Fig. 5 the Performance per Area results
for all microarchitectures evaluated. Again, the harmonic
mean of all workloads of a same type and size is shown.
From these results, we can infer that the hdSMT architecture achieves higher performance per area ratios than the
monolithic SMT architecture, that is, better relative results
than SMT using fewer resources. Comparing the baseline
(M8) and best-performance-per-area hdSMT (2M4+2M2)
means, we got hdSMT improvements over the SMT baseline of 15%, 18% and 10% in ILP, MEM, and MIX workloads respectively.
Regarding the homogeneous (3M4, 4M4) or heterogeneous distribution (2M4+2M2, 3M4+2M2, 1M6+2M4+
+2M2) of hdSMT processors, results in Figs. 4 and 5 point
out that heterogeneous distributions are better than homogeneous ones. Thus, for each case there is a heterogeneous
distribution that overcomes, both in terms of absolute performance and performance per area, all homogeneous distributions.
From all previous results it can also be inferred that
the thread-to-pipeline mapping policy is a crucial factor in
hdSMT architecture. This can be noticed by comparing
the BEST and HEUR results in Figs. 4 and 5. As an example, notice that the 2M4+2M2 hdSMT microarchitecture
obtains the highest performance per area ratios in all but the
four-threaded MEM workload case. In that case, although
the oracle mapping policy obtains a 9% improvement over
the baseline, the heuristic accuracy drops to 76%, resulting in a worse result than the baseline. From Figs. 4 and 5
it is also noticeable that the effectiveness of the mapping
policy depends on the speciﬁc hdSMT microarchitecture.
Thus, while the heuristic applied in this work achieves 92%
and 96% accuracy in 2M4+2M2 and 1M6+2M4+2M2 microarchitectures respectively, its accuracy drops to a 88% in
3M4+2M2 microarchitecture.
To summarize, our results point out that the hdSMT
achieves its goal of minimizing the amount of wasted resources. In this sense, it obtains a 13% and 14% improvement in optimizing performance per area over monolithic
SMT and homogeneously clustered SMT, respectively. Regarding to raw performance, monolithic SMT obtains in
mean a 6% speedup over hdSMT. Nevertheless, hdSMT obtains in mean a 7% raw performance speedup over homogeneously clustered SMT. Finally, the results also indicate
that the thread-to-pipeline mapping policy plays a very important role in hdSMT.
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Fig. 5. Performance per Area comparison.

6 Related Work
Kumar et al. propose in [8] the Heterogeneous Multicore
processor, a CMP processor comprised of heterogeneous
cores. In this proposal, matching the inter-application heterogeneity with the statically partitioned hardware is, as in
hdSMT, a prime issue. The main difference between them
comes from their CMP/SMT inclinations. So, in case of
few applications running on the processor, split resources
accross CMP cores as physical registers and L1 caches are
wasted in a Heterogeneous Multicore processor. On the
contrary, an hdSMT can still utilize these resources to improve the performance of the running applications.
Putting aside heterogeneity-awareness, we ﬁnd in the
literature some prior work that study the combination of
clustering and SMT techniques. Collins and Tullsen explore in [4] the relation between clustering and SMT. They
show that the synergistic combination of the two techniques
minimizes the IPC impact of the clustered architecture, and
even permits more aggressive clustering of the processor
than is possible with a single-threaded processor. In contrast, the hdSMT approach explores the beneﬁts of a heterogeneous clustering to obtain high performance at a reduced
complexity cost. Raasch and Reinhardt quantify in [12]
the performance impact of resource partitioning policies in
SMT machines, focusing on the execution portion of the

pipeline. They found out that for storage resources, such as
the instruction queue, statically allocating an equal portion
to each thread provides good performance, in part by avoiding starvation. In contrast, they also showed that static division of issue bandwidth has a negative impact on throughput. SMTs ability to multiplex bursty execution streams
dynamically onto shared functional units contributes to its
overall throughput. As we have shown in this paper, a heterogeneous partition of issue bandwidth can be possitive if
it is appropriatily matched with the heterogeneous needs of
the running applications. The hdSMT approach also differs from these prior studies in the granularity applied in the
cluster distribution. Notice that in hdSMT entire threads are
assigned to pipelines, instead of the instruction level applied
in these studies. So, dependent instructions are always executed in the same cluster, avoiding additional latencies and
complexity.
Other proposals are more concerned in reducing the
power consumption by means of the clustering technique.
Thus, Latorre et al. [9] propose a multithreaded clustered
microarchitecture as a way to deal with power consumption and wire delay problems. In this microarchitecture
an evenly clustered front-end maps running threads to an
evenly clustered back-end where the instructions are executed. This clustering also extends to resources such as
L1 caches and register ﬁle, that are spread out the different
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clusters. Lee and Gaudiot also propose in [10] a symmetric,
dual uniﬁed cluster SMT architecture as a way of reducing
power consumption without signiﬁcantly reducing its performance and throughput.
As far as we know, the hdSMT architecture is the ﬁrst alternative SMT architecture in which the hardware is heterogeneously clustered in order to reduce the amount of wasted
resources. By an appropriate matching of the heterogeneous
applications with the heterogeneously distributed hardware,
hdSMT achieves a better utilization of a reduced hardware
budget, resulting in a better performance per area ratio.

7 Conclusions
The heteregeneity among application behaviors turns current architectures overdesigned for most cases, obtaining
high performance but wasting a lot of resources to do so.
In this paper we have presented the Heterogeneously Distributed Simultaneous Multithreading (hdSMT) architecture, an SMT alternative in which the running threads are
mapped to a heterogeneosly clustered hardware according
to this heterogeneity. The results obtained in this work indicate that hdSMT reduce this waste of resources at reduced
budget, obtaining a 13% and 14% improvement in optimizing performance per area over monolithic SMT and homogeneously clustered SMT, respectively.
In hdSMT, the thread-to-pipeline mapping policy is a
prime concern. In this work, we have presented a simple
proﬁle-based heuristic policy that achieves a 92% average
accuracy. Raw performance results also point out that, in
future hdSMT implementations, this mapping should probably be made dynamically in order to better adapt to the
dynamic changes in program behaviour during execution.
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